533 445 6 HEMREFZSEE Vol. 33 No.6
202343 J China Journal of Modern Medicine Mar. 2023

DOI: 10.3969/j.issn.1005-8982.2023.06.007
XEHE : 1005-8982 (2023) 06-0037-06

EHUERRE

AL BN ARER B EANRIZE PRI AR

Ehetk, Rk, X &, B, Fai, xR
(PEARMBBEZZFEZEREAFENER HAAF, BT BHZ710038)

WE . #5k, ATREFZIHWAIFRBEREDRRAN T BREFT REHEY, St 2B TR
EFHR, ETHFBLTBAR, BB G LINGIFERA NEEFE TSR OER, MALFREERS
HACREAN LA, ERMESGEE KA LA A RA] . 1 IBAT R R IR A R T B R R AT
TG4 W AR R TN E 5 @A B BT R ML, E AT F AR A LTI F B P e ls R
FRBRATE G, FRIT B0 P e R, TR KR T AR 69 2 R AT .

KHER - TR AT BIRE ; N4

hESZES . R735.2 XERFRIREG . A

Advances in the application of artificial intelligence in the
endoscopic diagnosis of early gastric cancer®

Dou Wei-jia, Kang Lin, Liu Xi, Cheng Hao, Zhou Jin-chi, Liu Zhen-xiong
(Department of Gastroenterology, Tangdu Hospital, Air Force Medical University,
Xi'an, Shaanxi 710038, China)

Abstract: In recent years, artificial intelligence technology based on deep learning algorithm has made
remarkable progress in image recognition and has been widely used in clinical medical researches. As for early
gastric cancer, the tumor is usually undetectable and is therefore difficult for endoscopists to make a diagnosis. The
combination of artificial intelligence and endoscopy has been playing critical roles in the identification of chronic
atrophic gastritis and intestinal metaplasia, the diagnosis of Helicobacter Pylori infection, early gastric cancer and
precancerous lesions, and the prediction of the depth of tumor invasion. This review will summarize the clinical
application of artificial intelligence in early gastric cancer, discuss its existing problems and challenges, and predict
its possible application prospects in the future.

Keywords: early gastric cancer; artificial intelligence; precancerous lesions; endoscopy

¥ (gastric cancer, GC) &t |55 5 Kw UL
iE W SE RS 4 671 SR B e R TS 5 M
G IERUIAR G, HE R I8 R U 4 2% L 5 AR A AR
< 20% , 4 fg S A O30 1 96 (early gastric cancer,
EGC) IR YT , 5 AR EAF %> 900%™, H L, GC Yy R
[ I = e i

TH A A B A A T8 e 3 Ik 988 e A A0 4G N 2

ks B« 2022-12-08
* AT - PEVES E AT (No: 2021SF-182)

W T H, g™ 12 8 H T AE EGC 236 i fa A A
A 7 A e R T P A DN A A M S P R R AR Y
SR UIA G, H 32 38 il 2% F R 52
M o ERAR I AF R BE A N B HOR R, g N
5 W & B R (narrow band imaging, NBI) . W% %
36 %1% (blue laser imaging, BLI) AR LR R N 5 4
A LR B 9 B R 0 f 25 2 i T AL T EGC AR H R

[EAEEH ] XUEHE, E-mail: liuzhx816@126.com; Tel: 13572276166



FpIE AR ek

4133 %

BRMTHMRIER LKL, EGCHTEH FilKAAE
RN B, HAW AR E RN, 5 R R 2 5
ANE @S, AR RN, W wE . AT,
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